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ﬂESEARCH QUESTION \

\_

If an LLM model is deployed into the field of speech
and debate, then will it be able to reduce subjectivity,
as well as save time, money and energy (therefore
making judging in the field more efficient)?
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| Results
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Figure 2: Difference in Human Evaluation vs. LLM Evaluation

Figure 3: Effect of Model On Inference Time

SPEECH EXCERPT WITH POSSIBLE RUBRIC EVIDENCE

The statistics are heartbreaking. According to the National Alliance on Mental lliness, more than 60% of
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people with mental health conditions don’t seek help, because to them? Silence feels easier than

vulnerability. It's easier to say, “Hey, I'm fine” than to admit, “I'm not okay.” | know | said, ‘self-imposing’,

but...what’s hard to admit is that...this silence inevitably hurts others, too. Every year, 64% of bullying

goes unreported on school grounds. An 8 year old girl was one out of millions that fell victim to this

statistic. That girl wa

Highlighted passages are illustrative cues, not recorded explanations from the models.

s from my elementary school....
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| Conclusion

-

How can we ensure that Al models understand argument

\

quality beyond surface-level features like fluency or
vocabulary?

N /
4 N
To what extent will Al models be able to evaluate
spontaneous or impromptu debate formats that lack
structure?

N /
4 N

\_

Will Al be able to condense the dialogue of longer debate

formats, especially since some debates can reach up to
two and a half hours?

/
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What are the key challenges and considerations Iin A
transforming an Al-based debate evaluation system into
a scalable and user-friendly product for use in
educational or competitive settings? )
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SUPPLIED EXAMPLE SCORES
Human avg Claude
® Message / purpose 4.78 3.93
® Content development 3.39 3.96
® Emotional appeal / anecdotes 2.83 3.14
® Structure / organization 3.54 4.10

Content development

Two statistics are used
as supporting evidence
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ChatGPT

4.36
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Broad statistics lead to
a personal example
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4.44 4.07
4.41 4.07
3.79 3.71
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